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Classification of Drone-Shot Images Using MobileNet with

Overfitting Reduction
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Abstract MobileNet is a relatively simple CNN (Convolutional Neural Network) that focuses on
reducing the amount of computation, thus it has an overfitting problem. This paper adopts dropouts
with additional FC (Fully connected) layers to reduce overfitting problems and uses the PReLU
(Parametric ReLU) activation function instead of ReLU (Rectified Linear Unit), which causes
gradient vanishing due to dying ReLU. The improved model has 30,999 more parameters than the

existing model and achieves an average accuracy to 94.1%.

Through this model, it is possible to

expect image classification suitable for low-powered devices for higher accuracy.
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2.2 Proposed Method
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